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ARTIFICIAL INTELLIGENCE AND CYBERSECURITY THREATS: REDEFINING 1 

INTERNATIONAL COOPERATION 2 

Abstract  3 

The rapid advancement of artificial intelligence (AI) technology has yielded considerable 4 

advantages across several sectors while also presenting novel cybersecurity threats. The study 5 

aims to investigate the impact of AI regulations and international cooperation on the 6 

Frequency and Severity of Cyber Incidents. The research used a descriptive methodology, 7 

using quantitative analysis via regression models, to assess the impact of AI rules on 8 

cybersecurity results. The study delineates critical elements influencing the efficacy or 9 

ineffectiveness of AI regulation, including the degree of international collaboration, the 10 

implementation of standards, and the flexibility of regulatory frameworks in adapting to 11 

advancing AI technology. The results indicate that well-structured AI legislation might 12 

markedly reduce the occurrence and intensity of cyber events, especially when aligned 13 

internationally. Nonetheless, obstacles like as political impediments, varying regional 14 

agendas, and the rapid evolution of AI technology hinder the establishment of effective 15 

worldwide rules. The research underscores the significance of ethical issues in AI 16 

governance, prioritizing openness, accountability, and justice. This study enhances the 17 

existing literature on AI governance and cybersecurity by offering empirical information 18 

about the influence of legislation on AI-associated cyber threats. The study provides 19 

significant insights for governments, organizations, and academics aiming to improve AI 20 

security and foster international collaboration. Future studies must examine the shortcomings 21 

of existing regulatory frameworks, analyze sector-specific AI rules, and assess the influence 22 

of human factors in AI-related cybersecurity issues. 23 

Keywords:Artificial Intelligence, Cybersecurity Threats, International Cooperation, 24 

Governance. 25 

 26 

 27 

 28 

 29 

 30 



 

2 
 

1. Introduction  31 

Artificial intelligence (AI) is rapidly revolutionizing organizations and systems all over the 32 

world, it is simultaneously introducing complex cybersecurity challenges. Although artificial 33 

intelligence has many advantages, it also has several challenging challenges. The use of this 34 

technology by malicious actors raises problems that transcend beyond the borders of 35 

individual nations. This is because artificial intelligence is increasingly being integrated into 36 

key infrastructure, defense systems, and economic operations. In light of these developments, 37 

it is necessary to reevaluate the importance of international cooperation to address the issues 38 

about cybersecurity that are brought about by artificial intelligence. Since the idea of artificial 39 

intelligence (AI) was first presented in 1956, several fields have begun to make use of AI. 40 

Some of these fields include gaming, natural language processing, healthcare, manufacturing, 41 

education, and cybersecurity. As of right now, cybersecurity is in this day and age, when 42 

artificial intelligence plays a more important role than it ever has before, and this is now a 43 

primary worry. Artificial intelligence may be used to analyze vast volumes of data in a 44 

manner that is efficient, accurate, and quick. This is made possible by its superior automation 45 

and data analysis skills. Torecognize similar assaults in the future, even if their patterns vary, 46 

an artificial intelligence system may make use of what it already knows and analyze the risks 47 

that have occurred in the past. Because of this, the use of artificial intelligence to the 48 

reduction of security risks is an inescapable development. 49 

Threats posed by the internet are getting more complex and covert as technology 50 

continues to advance. The tactics that cybercriminals use are always evolving, which makes it 51 

difficult to anticipate and avoid assaults. As a consequence of this, traditional security 52 

solutions, which are based on rules and signatures, have been useless against cyberattacks 53 

that are flexible and constantly developing. However, to support people in the fight against 54 

cybercrime, we need more sophisticated methods such as the use of systems based on 55 

artificial intelligence (AI) that provide flexibility and the capacity to adapt (T. C. Truong et 56 

al., 2020). By allowing better threat detection, predictive analytics, and automated responses, 57 

artificial intelligence adds to the improvement of cybersecurity. On the other hand, 58 

technology gives attackers more power by automating assaults, developing sophisticated 59 

malware, and attacking weaknesses on a scale that has never been seen before. Artificial 60 

intelligence can produce highly personalized phishing operations, making it more difficult for 61 

users to differentiate between legal and fraudulent emails. To destroy faith in institutions, to 62 

influence public opinion, or to mimic important persons in cyberattacks are all possible uses 63 
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for material that is created by artificial intelligence. Cyberattacks that are driven by artificial 64 

intelligence, such as bots that execute Distributed Denial of Service (DDoS) attacks, have the 65 

potential to disrupt internationally vital systems. 66 

Countries have vastly different cybersecurity policies, artificial intelligence ethical 67 

frameworks, and technological legislation, which makes it difficult to take coordinated 68 

action. When countries lack confidence in one another, especially among technical 69 

superpowers, it makes it more difficult to share threat knowledge openly and honestly. As 70 

artificial intelligence (AI) and cybersecurity technologies continue to advance at a quicker 71 

rate than the speed of international policy development, regulatory gaps are formed. It may be 72 

difficult to identify the origin of cyberattacks that are driven by artificial intelligence, which 73 

makes it difficult to take measures of responsibility and reprisal. 74 

The use of artificial intelligence (AI) in business processes and systems is becoming 75 

more common. However, not all sectors are as advanced as others; the information 76 

technology and telecommunications business are the most advanced sectors for the use of 77 

artificial intelligence, while the automobile industry is not as advanced as it might be. Recent 78 

global research that polled over 4500 policy-makers across a variety of sectors found that 45 79 

percent of large firms and 29 percent of small and medium-sized enterprises reported using 80 

artificial intelligence (J. Brady, 1978). When it comes to the management of cyber threats in 81 

the field of cybersecurity, artificial intelligence will become more important; in fact, the 82 

industry is anticipated to grow (J. Brady, 1978).  83 

On the other hand, the use of artificial intelligence is not devoid of potential risks; 84 

more than sixty percent of organizations that deal with AI acknowledge that it is the source of 85 

the most serious cybersecurity problems (C. Oancea, 2015). AI, which is a technology that 86 

can be used for both broad and specific purposes, has the potential to be both beneficial and 87 

detrimental to the field of cybersecurity. These assertions are supported by the fact that 88 

artificial intelligence is used both as a sword (for example, to encourage malicious behavior) 89 

and as a shield (to protect against cybersecurity concerns) (C. Oancea, 2015). With an 90 

additional twist: because the use of artificial intelligence for national security is subject to 91 

several limitations, particularly as government agencies (and the European Union) continue 92 

to move towards monitoring and controlling high-risk applications and encouraging greater 93 

use of AI, on the attack side, the number of applications that are the most malicious continues 94 

to rise, the cost of new applications continues to decrease, and the 'threat landscape' becomes 95 

denser with each passing day (Chakraborty, A., et al., 2023).  96 
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The convergence of artificial intelligence and cybersecurity necessitates a proactive 97 

and internationally coordinated effort to reduce threats while simultaneously capitalizing on 98 

the promise of security that AI has. Through the cultivation of trust, the standardization of 99 

norms, and the sharing of resources, international collaboration has the potential to build a 100 

digital world that is safer for everyone. Even though the stakes are high, the international 101 

community is capable of successfully addressing these new difficulties if it employs the 102 

appropriate techniques. The purpose of this article is to discuss some of the applications of 103 

artificial intelligence in the field of cybersecurity.  104 

 105 

Our research aims to address the following questions. 106 

i. Which developing trends in artificial intelligence-driven cyberattacks, such as 107 

deepfakes or autonomous systems, are currently being observed? 108 

ii. In what ways do the existing international cybersecurity frameworks fail to 109 

adequately address the dangers posed by artificial intelligence? 110 

iii. What are the emerging trends in AI-driven cyberattacks, such as deepfakes or 111 

autonomous systems? 112 

2. Preliminary Work Done on The Line 113 

The fast expansion of cyberspace has been facilitated by several innovative networking and 114 

computing technologies that have emerged in recent years (Li GL et al., 2018; Li LZ et al., 115 

2018a, 2018b). These technologies include software-defined networking (SDN), big data, and 116 

fog computing. In the meanwhile, cyber security has emerged as one of the most significant 117 

concerns in the realm of cyberspace (Guan et al., 2017; Wu et al., 2018). The protection of 118 

vital infrastructures has been subjected to significant effects as a result of cyberspace 119 

security. The traditional method of network security focuses on the static control of security 120 

devices that are installed on certain edges or nodes.  121 

These security devices include firewalls, intrusion detection systems (IDSs), and 122 

intrusion prevention systems (IPSs), and they are used to monitor network security by the 123 

rules that have been designated beforehand. However, this passive defense mechanism is no 124 

longer helpful in safeguarding systems against emerging cyber security risks, such as 125 

advanced persistent threats (APTs) and zero-day assaults. These threats are becoming more 126 

sophisticated. Moreover, the cost of deploying cyber threats is reduced as a result of the many 127 

attack entry points, high-level intrusion modes, and systematic assault tools.  128 
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This is because cyber threats are becoming more widespread and sustained. It is of the 129 

utmost importance to build new and intelligent security defense approaches that are capable 130 

of dealing with a wide variety of threats that are both long-lasting and diverse to maximize 131 

the degree of security that is provided to key system assets. To implement modern cyber 132 

security defense and protection, the system should first gather the historical and current 133 

security status data, and then it should make intelligent judgments that are capable of 134 

providing adaptive security management and control (Chakraborty, A., et al., 2023). 135 

 136 

2.1 Artificial Intelligence in Cyber-Security 137 

In the field of computer science, artificial intelligence (AI) is a rapidly expanding discipline 138 

that focuses on the investigation and development of various theories, methodologies, 139 

techniques, and applications of computer programs that can imitate, enhance, and broaden 140 

human intellect. Recent years have seen significant advancements in artificial intelligence 141 

(AI) technology, which may be attributed to the development of ultra-performance computer 142 

technology as well as the introduction of deep learning (DL) (Jian-Hua LI, 2018).  143 

Artificial intelligence may be implemented in a variety of ways. In the very beginning 144 

stages, humans used a knowledge base toformalize the information that they had. This 145 

technique, on the other hand, requires an excessive number of manual processes to accurately 146 

depict the world with its many laws. In light of this, researchers devised a pattern that allows 147 

the artificial intelligence system to derive a model from raw data; this capability is referred to 148 

as "machine learning." Bayesian algorithms, function approximation (linear or logistical 149 

regression), and decision trees are all examples of statistical methods that are included in 150 

machine learning algorithms (Hatcher and Yu, 2018).  151 

Artificial intelligence (AI) has been around since the 1950s, and current technical 152 

advancements in AI have influenced the expansion of robotics and automation in the 153 

industry. The employment of these approaches has spurred discussions regarding whether or 154 

not they may be used in malevolent ways (Angelopoulos, A., et al., 2020), even though AI 155 

technologies by their very nature have intrinsic advantages. (Li, J. Hua., 2018) Artificial 156 

intelligence (AI) is a subfield of computer science that focuses on the development of ideas, 157 

methods, techniques, and systems that may enhance and replicate human intelligence in 158 

computers.  159 
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The purpose of artificial intelligence is to imbue robots with the intellect of humans. 160 

Using algorithms to analyze and learn from data, machine learning is a technology that may 161 

be used to develop artificial intelligence. During the process of machine learning, deep 162 

learning is a technique that is used, which enable the extension of the scope of artificial 163 

intelligence (Ji, H, et al., 2020). The fundamental idea behind artificial intelligence is that it is 164 

possible to correctly characterize human intellect, which then makes it possible for machines 165 

and/or software to replicate that intelligence (Trifonov, R, et al., 2018). 166 

To cope with such a massive volume of data, researchers use a variety of different 167 

methodologies. These methods are used by the business sector to obtain pertinent data. 168 

Machine learning makes use of a variety of algorithms to tackle data challenges. Taking into 169 

account the many factors that are involved in the learning process, the kind of algorithm that 170 

is used is determined by the issue that has to be addressed (Batta, M., 2020). 171 

Machine learning is an important subject of study in the field of artificial intelligence-172 

based cyber security as we are living in an era of digital transformation. It is important to note 173 

that artificial intelligence, and machine learning in particular, has been used in both the 174 

assault and defense of cyberspace. From the perspective of the attacker, machine learning is 175 

used to undermine the effectiveness of cyber defense techniques. On the defense side, 176 

machine learning is used to create strong resistance against threats, and to adaptively 177 

minimize the destructive repercussions of cyberattacks (Nguyen, T.T., et al., 2021). Because 178 

of the quick pace of change in the research environment, cyber security is always under 179 

continual development. The community within the field of cyber security acknowledges that 180 

it is impossible to completely eradicate cyber dangers (Husák, M. et al., 2021). 181 

The information technology era is responsible for the creation of the phrase "Industry 182 

4.0," which was first implemented in Germany in the year 2011. The advancement of 183 

technology provides the way for the creation of intelligent factories that are equipped with 184 

machinery that is based on automated and digitalized approaches to manufacture (Jamai, et 185 

al., 2020). These systems are made up of computer network technologies and physical 186 

processes that make it possible to link the physical and technical surroundings. Additionally, 187 

they make it possible to process data using technologies such as the Internet (Liu, Y.; Xu, X, 188 

2017). 189 

2.2 AI's Benefits in the Field of Cybersecurity 190 
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AI offers a wide range of applications and advantages in a variety of domains, and 191 

cybersecurity is one of such domains. Artificial intelligence and machine learning have the 192 

potential to aid in keeping up with cybercriminals, automating threat detection, and 193 

responding more effectively than traditional software or techniques led by humans (C. 194 

Tschider, 2018). This is because of the fast growth of cyberattacks and the proliferation of 195 

devices that are occurring today (De Azambuja, A. J. G., et al., 2023). 196 

2.3 Identification of Newly Emerging Dangers 197 

Identifying cyber hazards and activities that might cause damage can be accomplished with 198 

the help of artificial intelligence. Artificial intelligence has the potential to be of great 199 

assistance in this particular domain since conventional software solutions are unable to keep 200 

up with the vast number of new viruses that are developed every week. By using complicated 201 

algorithms, artificial intelligence systems are meant to recognize malware, carry out 202 

predictive modeling, and even the most compact forms of harmful software or ransomware 203 

attacks before they reach the system (S. Chraa, 2012).  204 

The use of artificial intelligence offers improved predictive intelligence via the use of 205 

computational linguistics, which can curate content for itself by analyzing articles, news, and 206 

studies on cyber threats (D. Dasgupta, 2006). This has the potential to offer information on 207 

newly discovered anomalies, cyberattacks, and available countermeasures. Because, after all, 208 

hackers are also trend followers, and the things that they consider to be popular are always 209 

changing. As a result of the ability of AI-based cybersecurity solutions to deliver the most 210 

recent information about global and industrial threats, critical priority decisions can be better 211 

formulated. These decisions are based not only on which systems could be used to attack but 212 

also on what will be used to attack company systems the most frequently (A. Ghanemi, 213 

2015).  214 

2.4 The realm of cybersecurity, applications of artificial intelligence 215 

The use of artificial intelligence (AI) in cybersecurity is becoming an increasingly prominent 216 

topic in the information security industry. This is due to the increasing sophistication of the 217 

algorithms used in artificial intelligence (ML). In the field of cybersecurity, artificial 218 

intelligence is being tried out for practically every industry application that can be imagined. 219 

AI is capable of doing everything that a group of people can, even if it needs some aid from 220 

humans. For those who are passionate about cybersecurity, this is an exciting time, and if you 221 
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visit a useful website, such as Antivirus Rankings (A. Ghanemi, 2015), you will be able to 222 

stay current on all of the most recent topics.  223 

Cybercriminals generate a digital footprint while attempting to infiltrate inside 224 

systems, referred to as intrusion signatures (Ansari, M. F., et al., 2022). Security specialists 225 

construct extensive digital footprint databases to discover vulnerabilities and the specific 226 

behaviors of attackers for future analysis. An artificial intelligence system may be trained to 227 

identify intrusions in real-time provided a sufficiently extensive database of fingerprints and 228 

infiltration patterns exists. A prominent method of exploitation involves infiltrating electronic 229 

devices, such as recording apparatus, computers, and other internet-connected equipment 230 

(Mohammed, I. A. (2020). The fraudsters get access to these systems by using default login 231 

credentials since several organizations neglect to change the administrators' passwords on 232 

'mundane' equipment. 233 

By compromising these machines, the hackers may get access to the rest of the 234 

network. AI encryption can comprehensively analyze the network for flaws, hence preventing 235 

the most common forms of attacks (Jian-Hua LI, 2018). Artificial intelligence is only a tool; 236 

human intervention is necessary to teach AI and correct its errors. The influence of growing 237 

artificial intelligence regulation on the frequency of cyber incidents is a crucial field of study 238 

since it includes analyzing whether regulatory measures may alleviate risks or unwittingly 239 

create issues. Recent literature studies have shown that this is a very important topic of 240 

research. 241 

2.5 Research Gap 242 

The topic of artificial intelligence (AI), cybersecurity risks, and international collaboration is 243 

fast growing; nonetheless, some major research gaps exist in this area. The identification of 244 

these gaps helps to demonstrate the need for this research and brings to light areas in which 245 

contributions are critically important. Artificial intelligence-driven risks, such as adversarial 246 

assaults and malware created by AI, continue to be underexplored, in contrast to ordinary 247 

cybersecurity concerns, which have been well documented. Additional investigation on the 248 

methods, extent, and effect of cyber threats that are particular to artificial intelligence on 249 

global networks. There is a paucity of studies on how international cooperation mechanisms 250 

manage cybersecurity concerns that are particular to artificial intelligence.  251 

Currently, available frameworks, such as the Budapest Convention on Cybercrime, do 252 

not adequately take into consideration the dual-use nature of artificial intelligence. It has not 253 
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been possible to conduct a quantitative analysis of the influence that regulatory measures 254 

have on the frequency and severity of cyber incidents. The majority of investigations are 255 

based on some kind of theoretical framework or qualitative observations. To forecast the 256 

effects of expanded artificial intelligence legislation on cybersecurity, statistical approaches 257 

such as regression analysis are being used. 258 

2.6 Objectives Of the Study  259 

The purpose of this research is to investigate the connection between international 260 

cooperation, cybersecurity risks, and artificial intelligence (AI) legislation. The following is a 261 

list of the particular accomplishments: 262 

i. Determine if greater regulation of artificial intelligence has a substantial impact on the 263 

frequency and severity of cyber events, whether it has a major impact, or both 264 

ii. Investigate how international cooperation affects the efficiency of artificial 265 

intelligence regulation in reducing the dangers associated with cybersecurity. 266 

3. Research Methodology 267 

To conduct an in-depth investigation of the connection between artificial intelligence (AI) 268 

legislation, cybersecurity risks, and international collaboration, this study makes use of 269 

quantitative research methodologies. Explanatory as well as research-based. Ln order to 270 

examine the influence that artificial intelligence legislation has on the frequency and severity 271 

of cyber events, as well as to evaluate the role that international collaboration plays. The 272 

levels of artificial intelligence regulation are the independent variable. These levels are 273 

quantified using indicators such as regulatory maturity or scope. The frequency of cyber 274 

occurrences and the severity of cyber incidents (as assessed by financial losses, operational 275 

interruptions, and data breaches) are the dependent variables in this study.  276 

To investigate the association between the regulation of artificial intelligence and the 277 

number of cyber incidents that occur. The worldwide cyber incident data and regulatory 278 

indicators were selected at random throughout the process. People who work in cybersecurity 279 

and operate in sectors that are susceptible to attacks generated by artificial intelligence. 280 

Specialized specialists in the field of cybersecurity play an essential part in the formulation, 281 

execution, and enforcement of cybersecurity plans, particularly in the context of threats that 282 

are driven by artificial intelligence. These individuals can take on a broad range of tasks 283 

across several industries, all of which contribute to the security of systems and data against 284 

cyberattacks. 285 

3.1 Sampling Instrument, Sample Size 286 
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To conduct primary research, we employ the survey method to collect primary data and 287 

describe the current situation. We use the quantitative methodology to evaluate regulation of 288 

artificial intelligence has a substantial impact on the frequency and severity of cyber events, 289 

whether it has a major impact, or both. Investigate how international cooperation affects the 290 

efficiency of artificial intelligence regulation in reducing the dangers associated with 291 

cybersecurity. Details on the respondent's experience with artificial intelligence rules, as well 292 

as their job, industry, and area.  293 

Concerns have been raised about the efficiency and adequacy of the AI rules that are 294 

now in place. Questions based on a Likert scale with five points have been used to evaluate 295 

the impact that artificial intelligence rules have had on their cybersecurity policies, as well as 296 

the frequency of cyber events driven by AI and the severity of these incidents. The extent of 297 

international collaboration in artificial intelligence regulation, as well as the perceived 298 

efficacy of this regulation. The design and execution of artificial intelligence rules are the 299 

subject of open-ended issues. To study how artificial intelligence policies are viewed and 300 

how they affect cybersecurity results, it is necessary to conduct group talks with 301 

cybersecurity experts and officials who work with AI. Methods such as stratified random 302 

sampling have been used to guarantee enough representation from government sectors, in the 303 

northern areas of India. 304 

 305 

3.2 Hypothesis of the study 306 

The purpose of this research is to investigate the connection between greater regulation of 307 

artificial intelligence, cybersecurity risks, and international collaboration. Following is a list 308 

of the primary theories that will direct the research: 309 

H1:Increased AI regulation reduces the frequency and severity of AI-driven cyber incidents. 310 

H2:International Cooperation has a significant impact on the frequency and severity of AI-311 

driven cyber incidents. 312 

3.3 Research Variables 313 

The purpose of this research is to investigate the connection between artificial intelligence 314 

(AI) legislation, cybersecurity risks, and international collaboration by using several 315 

important factors. To have a thorough knowledge of the influence that artificial intelligence 316 

regulation has on cybersecurity events, these factors are classified as independent variables, 317 

dependent variables, and control variables. Each of these categories contributes to the overall 318 
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understanding. These variables are the hypothesized factors that are thought to affect the 319 

variables that are dependent after them.  320 

Several independent factors are included in this investigation: Regulation of Artificial 321 

Intelligence (AI) refers to the amount and severity of rules about AI in a certain nation or 322 

area. Frameworks for artificial intelligence policy, as well as regulatory indexes such as the 323 

AI Governance Index, National AI Strategies, and others. It would be indicative of more 324 

stringent AI restrictions if the regulatory score was higher. High, moderate, and low strength. 325 

Comprehensive, which encompasses a wide range of topics, as opposed to focus, which 326 

centers just on ethical artificial intelligence or cybersecurity.  327 

The Cooperation of Worldwide Parties in the context of mitigating cybersecurity risks 328 

created by artificial intelligence, the degree of cooperation between governments and 329 

organizations. International partnerships on artificial intelligence rules, cybersecurity treaties, 330 

and bilateral or multilateral agreements may be implemented. The frequency of cooperative 331 

cybersecurity exercises, agreements to share data, or involvement in international 332 

organizations (such as the International Telecommunication Union of the United Nations). 333 

 334 

 335 

 336 

3.4 Conceptual Framework of the study 337 

 338 

 339 

 340 

 341 
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 348 

 349 

 350 

4. Results & Discussion 351 

4.1 Demographic Details of the Cybersecurity Professionals 352 

Approximately 25% of the individuals who participated in the survey are of the female 353 

gender, while the remaining 75% are of the male gender. According to the presentation of 354 

descriptive data in Table 1, about 40% of the total respondents belong to the age group of 31 355 

to 40 years old, 20% belong to the age group of 21 to 30 years old, 27% belong to the age 356 

group of 41 to 50 years old, and only 10% belong to the age group of 50 and over. In the 357 

education category, approximately 66% of the respondents completed a graduate program, 358 

while 20% also completed a graduate program. At least 14% of the participants have 359 

exclusively pursued diploma studies. In the industry category, around 25% of the participants 360 

are employed in finance sectors, 60% of them are government professionals, and finally, 15% 361 

of the respondents belong to health care facility centers.  362 

 363 

 364 

Table 1.  Demographic profile 365 

Gender Male 

75% 

Female 

25% 

Age 21 to 30 Yrs. 

20% 

31 to 40 Yrs. 

40% 

41 to 50 Yrs. 

27% 

Above 50 Yrs. 

10% 

Education Diploma 

14% 

Under Graduate 

66%  

Post Graduate 

20% 

Industry Healthcare 

15% 

Government 

60% 

Finance 

25% 

4.2 Validity Test Results 366 
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The Pearson correlation coefficient is used to assess validity (Ariyanto, A., & Yulianah, Y., 367 

2023). An instrument is deemed to be legitimate if the Pearson correlation coefficient to the 368 

total score is greater than 0.30. The results of the validity test are shown in Table 4, according 369 

to the viewpoint. 370 

Table 2. Test Results of Validity 371 

Variable Item Pearson Correlation 

AI Regulation Effectiveness of AI Regulation .751 

Perceptiveness of AI Regulation .709 

Strengthens of AI Regulation .855 

International 

Cooperation 

Level of international coordination .860 

Effectiveness of Collaborations .782 

4.3 Reliability Test Results 372 

The purpose of reliability testing is to ascertain whether or not the variables being measured 373 

can be relied upon (Ariyanto, A., & Yulianah, Y., 2023). For this test, instruments that were 374 

supplied with Cronbach's alpha coefficients were used; if the coefficients were more than 375 

0.60, the instrument was considered to be reliable. In Table 5, a summary of the results from 376 

the reliability test is shown. 377 

Table 3. Test Results of Reliability 378 

Measurements Cronbach’s Alpha Value 

Frequency and severity of cyber incidents .750 

Perception of international collaboration .896 

Frequency and Severity of Cyber Incidents .799 

 379 
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4.4 The Influence of Artificial Intelligence and Cybersecurity Regulation and 380 

International Cooperationon Frequency and Severity of Cyber Incidents- Analysis 381 

Results 382 

Multiple linear regression analysis examines the important impact of the independent 383 

variablesArtificial Intelligence and Cybersecurity Regulation, International 384 

Cooperation components on the dependent variable Frequency and Severity of Cyber 385 

Incidents. As shown in Table 4, the calculated multiple linear regression ‘r’ value is 0.843 386 

and the ‘R square’ value is 0.721, which states that about 72% of the changes in the 387 

Frequency and Severity of Cyber Incidents are determined by the Artificial Intelligence and 388 

Cybersecurity Regulation. The results of Durbin Watson’s test reveal (1.867) a positive 389 

correlation between the dependent variable and the independent variables. As shown in 390 

Table 4, the calculated multiple linear regression ‘r’ value is 0.753 and the ‘R square’ value 391 

is 0.661, which states that about 66% of the changes in the Frequency and Severity of Cyber 392 

Incidents are determined by the International Cooperation. The results of Durbin Watson’s 393 

test reveal (1.967) a positive correlation between the dependent variable and the independent 394 

variables. 395 

Table 4. The Influence of SHRM On Performance Management System 396 

Model 1 Regression                Regression 

Square 

Adjusted 

Regression 

Square 

Standard 

Error of 

Estimates 

Durbin 

Watson 

Artificial 

Intelligence 

and 

Cybersecurity 

Regulation  

0.843
a
 .721 .709 .314 1.867 

International 

Cooperation 
0.753

b 
.661 .720 .325 1.967 

   Dependent Variable: Frequency and Severity of Cyber Incidents 397 

4.5 Hypothesis Results 398 
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The outcomes of those multiple linear regressions are shown in the table that may be seen 399 

below (Table 5). We found that the first independent variable, Artificial Intelligence and 400 

Cybersecurity Regulation, significantly influences the Frequency and Severity of Cyber 401 

Incidentswith a p-value less than 0.05(beta = 0.165). The second dependent variable, 402 

International Cooperation(beta = 0.134), has a greater impact on the Frequency and 403 

Severity of Cyber Incidentswith a p-value less than 0.05. Figure 2. presents a view of 404 

multiple regression analysis – model results. 405 

Table 5. Hypotheses testing 406 

Variables Unstandardized 

B 

Standard 

Error and 

Coefficients 

Beta 

Coefficients 

 

T value Significant 

Artificial 

Intelligence and 

Cybersecurity 

Regulation  

.147 .030 .125 5.856 .000 

International 

Cooperation 
.062 .027 .154 4.252 .000 

Significant level p-value < 0.05 407 

Dependent Variable: Frequency and Severity of Cyber Incidents 408 

 409 

 410 

 411 

 412 

 413 

 414 

 415 

 416 

 417 

Frequency and 

Severity of Cyber 

Incidents 

International 

Cooperation 

H2= 0.154 

H1= 0.125 

Artificial 

Intelligence and 

Cybersecurity 

Regulation 
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 418 

 419 

 420 

Figure 4. Multiple Linear Regression Analysis – Model Results 421 

4.6 AI Regulation Scoring System 422 

Table 6. AI Regulation Scoring System 423 

Regulation Component Score (0–3) Description 

Policy Framework 
0 = No policies,  

3 = Comprehensive national 

or international policies 

Review existing AI 

regulation documents, legal 

texts, and international 

agreements to assess the 

strength and scope of AI 

regulation. 

AI Governance Standards 
0 = No standards,  

3 = Widely adopted 

international standards 

Review existing AI 

regulation documents 

provided by the government 

with standards. 

Ethical and Legal 

Oversight 

0 = No legal oversight,  

3 = Comprehensive legal 

frameworks with active 

enforcement 

Legal documents regarding 

the AI regulations. 

AI Security Regulations 
0 = No security measures,  

3 = Strict cybersecurity 

standards for AI 

Security documents 

International Cooperation 0 = No cooperation,  

3 = Strong international AI 

regulatory agreements 

Assess the level of 

international coordination on 

AI regulation 

5. Research Implications  424 

The study on artificial intelligence regulation and its influence on cybersecurity threats and 425 

international collaboration hasseveral major consequences for a variety of stakeholders, 426 
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including governments, enterprises, cybersecurity experts, and international organizations. 427 

Policy implications, practical implications, theoretical implications, and social and ethical 428 

implications are the several types of implications that may be categorized under this umbrella 429 

term. 430 

5.1 Policy Implications 431 

To provide national and international policymakers with information on the strengths and 432 

flaws of current AI regulatory frameworks, the results of the research might be of great use. 433 

This study has the potential to aid policymakers in the development of more comprehensive, 434 

adaptable, and responsive rules to meet the quickly changing nature of artificial intelligence 435 

technology. This might be accomplished by identifying gaps in AI legislation. The adoption 436 

of more stringent laws that better address cybersecurity risks coming from artificial 437 

intelligence technology might be a possibility for policymakers. This would ensure that AI 438 

systems are developed and deployed in a manner that is safe, secure, and ethical. For 439 

effective regulation, international collaboration is required due to the global character of 440 

artificial intelligence. Through the examination of the function of international collaboration 441 

in artificial intelligence regulation, the research may bring to light the significance of 442 

harmonizing AI legislation across national boundaries to forestall regulatory fragmentation, 443 

which may result in regulatory arbitrage. It is possible that the research would push 444 

international organizations such as the United Nations, the Organisation for Economic 445 

Cooperation and Development (OECD), or the Group of Seven (G7) to work together on the 446 

development of unified AI governance frameworks. This would make it simpler to address 447 

cybersecurity concerns that are driven by AI that span international borders. There is a 448 

connection between artificial intelligence regulation and cybersecurity events, which is one of 449 

the most important components of the research. It is possible that the results could result in 450 

more stringent cybersecurity legislation that is particular to artificial intelligence, which 451 

would assist in reducing the dangers associated with cyber-attacks that are driven by AI. It is 452 

possible that governments would amend or propose new cybersecurity legislation to take 453 

artificial intelligence into account as a fundamental component of cybersecurity strategy. This 454 

might result in AI systems that are more secure and less susceptible to manipulation or attack. 455 

5.2 Practical Implications 456 

Incorporating artificial intelligence technology will provide organizations with the 457 

opportunity to obtain insights into how AI legislation may affect their cybersecurity 458 
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operations. The research has the potential to provide organizations with actionable guidance 459 

that will allow them to comply with newly enacted cybersecurity legislation about artificial 460 

intelligence and reduce the risks connected with vulnerabilities in AI systems. Organizations 461 

can strengthen their cybersecurity posture by implementing certain AI security measures, 462 

performing frequent audits of their AI systems, and ensuring compliance with industry-463 

specific AI legislation. This will result in a reduction in the frequency of AI-driven cyber 464 

events as well as the severity of such incidents. It is beneficial for practitioners and 465 

developers of artificial intelligence to have a grasp of the regulatory environment and the 466 

possible influence that rules might have on their research and development operations. The 467 

study may bring to light the need to conduct AI development procedures that are more secure, 468 

ethical, and transparent. This will encourage AI designers to place more emphasis on security 469 

and accountability. Developers of artificial intelligence may be more proactive in 470 

constructing safe AI systems that comply with rules, which will result in the production of AI 471 

technologies that are more reliable and trustworthy. As a result of this study, organizations 472 

and professionals working in cybersecurity may be able to strengthen their incident response 473 

and risk management strategies for cyber threats powered by artificial intelligence. By 474 

gaining an awareness of the connection between artificial intelligence legislation and cyber 475 

events, experts in the field of cybersecurity can better predict and manage risks connected 476 

with artificial intelligence technology. It is possible to establish enhanced risk management 477 

frameworks that are tailored to risks connected to artificial intelligence, which would result in 478 

the discovery and resolution of AI-driven cyber events occurring more quickly. 479 

5.3 Theoretical Implications 480 

This research may lead to the creation of new theoretical frameworks that relate the control of 481 

artificial intelligence with the consequences of cybersecurity. The study may give a 482 

theoretical framework for understanding the role that regulation plays in decreasing 483 

cybersecurity threats associated with artificial intelligence by investigating how legislation 484 

about AI impacts the frequency and severity of cyber events occurring. In addition to 485 

providing academics with new areas for investigation and analysis, the results may result in 486 

the development of new theories or models that include artificial intelligence control and 487 

cybersecurity. Through the provision of empirical information on the efficacy of AI 488 

regulatory frameworks in resolving cybersecurity challenges, the study will contribute to the 489 

advancement of the area of artificial intelligence governance. Consequently, this may result 490 

in a more complete knowledge of the governance of artificial intelligence, which may include 491 
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the interaction between legislation, cybersecurity, and international collaboration. The 492 

research may have an impact on future academic research and policy development in the field 493 

of artificial intelligence governance, hence contributing to the improvement of governance 494 

structures and procedures for the management of AI technology. 495 

6. Conclusion  496 

Examining the effects of AI legislation on cybersecurity risks and international collaboration 497 

is essential for comprehending how evolving technologies influence global security 498 

dynamics. As artificial intelligence advances and becomes more embedded in daily life, the 499 

hazards linked to AI-driven cyber events are escalating. Robust regulation of AI may 500 

alleviate these dangers, guaranteeing that AI technologies are implemented safely, ethically, 501 

and openly. This study underscores the need for comprehensive and unified AI policies to 502 

mitigate cybersecurity vulnerabilities and foster international collaboration in addressing 503 

global AI issues. The study shows that well-structured and implemented AI rules may 504 

substantially reduce the occurrence and intensity of AI-related cyber events. Integrating 505 

security measures into AI development processes enables organizations and governments to 506 

more effectively protect systems and data from hostile actions.  507 

AI technologies possess an intrinsic global nature, necessitating international 508 

collaboration to effectively address AI-related threats. The paper emphasizes the need to 509 

alignAI legislation internationally to prevent fragmentation and regulatory arbitrage, which 510 

may undermine efforts to combat global cybersecurity concerns. Collaborative structures, 511 

including treaties, agreements, and international organizations, may enhance this process. The 512 

ethical ramifications of AI legislation are important for guaranteeing the appropriate 513 

utilization of AI. The study underscores the need to establish explicit ethical standards and 514 

legal structures to safeguard privacy, equity, and responsibility. As AI systems proliferate, 515 

cultivating public trust via transparent and ethical procedures is crucial for broad adoption 516 

and acceptance.  517 

The results enhance the theoretical comprehension of AI governance, providing a 518 

platform for further study on the convergence of AI regulation, cybersecurity, and 519 

international cooperation. This study provides a basis for further investigations on the 520 

efficacy of AI rules in mitigating harmful cyber activities and assuring the ethical use of AI 521 

technology. This paper elucidates the essential function of AI regulation in influencing the 522 

future of cybersecurity and international collaboration. As AI technologies progress, the need 523 
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for comprehensive, flexible, and international regulatory frameworks will become more 524 

critical. This study enhances the development of trustworthy AI systems by concentrating on 525 

the convergence of legislation, security, and ethics, therefore promoting safety for people, 526 

enterprises, and governments globally. 527 

7. Limitations and Future Research Directions 528 

This research offers significant insights into the effects of AI legislation on cybersecurity 529 

risks and international collaboration, although numerous limitations must be noted. The paper 530 

largely examines AI rules in a limited number of locations or nations, perhaps overlooking 531 

the global regulatory variety and complexity. Diverse governments and regions choose 532 

distinct strategies for AI governance, potentially influencing the generalizability of the 533 

results. AI rules in the European Union (EU) may markedly vary from those in the United 534 

States or China, resulting in regional disparities in the efficacy of AI legislation in addressing 535 

cybersecurity issues. The study mostly depends on accessible data, including regulatory 536 

papers, policy frameworks, and event reports. Acquiring thorough, current, and trustworthy 537 

data on the efficacy of AI legislation may be difficult, since some AI systems remain in 538 

preliminary deployment phases, and certain cybersecurity issues may not be publicly 539 

revealed. 540 

Furthermore, the fast advancement of AI technology implies that the data used in the 541 

research may rapidly become obsolete. The research highlights the significance of 542 

international collaboration in AI regulation, although attaining global agreement on AI 543 

governance proves to be difficult. Divergent political, economic, and cultural factors across 544 

states may obstruct the establishment of global AI legislation. The paper recognises this 545 

difficulty however fails to thoroughly investigate the obstacles to international collaboration 546 

or possible remedies. 547 

Future research may do a comparative analysis of AI policies across various areas and 548 

nations to assess their efficacy in mitigating cybersecurity issues. Through the comparison of 549 

regulatory frameworks in the EU, US, China, and other locations, academics may discern 550 

optimal practices and policy models applicable on a worldwide scale. To mitigate the 551 

constraint of data timeliness and the dynamic characteristics of AI, the next research should 552 

concentrate on longitudinal studies that monitor the application of AI policies over time and 553 

evaluate their effects on cybersecurity events. Such research would elucidate the evolution of 554 

AI legislation and the enhancement of its efficacy as the regulatory framework advances.  555 
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The paper briefly addresses the obstacles to international collaboration but fails to 556 

thoroughly examine the political, economic, and cultural impediments that obstruct the 557 

establishment of global AI regulatory frameworks. Future studies may concentrate on 558 

identifying these obstacles and suggesting solutions to improve international cooperation, 559 

including diplomatic channels, multilateral agreements, and collaborative cybersecurity 560 

activities. Given the substantial influence of human behavior on cybersecurity concerns, 561 

future research may explore the interplay between human variables (such as user behavior 562 

and insider threats) and AI regulation. This study may investigate how AI legislation might 563 

include human factors to more effectively limit hazards, including training, awareness 564 

initiatives, and behavioral nudges. 565 
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